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ABSTRACT

This research proposal aims to comprehensively explore the trust-
worthy, safe, and ethical use of Generative Artificial Intelligence
(GAI), particularly Large Language Models (LLMs). To this end, we
examine the risks and potential social hazards of LLMs, adopting
a multidimensional approach— focused on society, human rights,
and ethics— involving various stakeholders, including the Al in-
dustry, governmental institutions, and regulatory organizations,
among others. This strategy allows for offering a research proposal
grounded on social and technological dimensions and providing a
comprehensive diagnosis, including perceived challenges in the AI
industry, the regulatory debate, ethical dilemmas, etc. By delving
into these areas, we aim to design a post-audit tool to ensure models
are trustworthy, socially responsible, and in alignment with human
rights. Additionally, we aim to encourage responsible Al Innovation
through Ethics-Driven Incentives.
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1 INTRODUCTION

Throughout history, science has prioritized social well-being and
human progress. However, many innovations can inadvertently
lead to adverse outcomes, often unrelated to their primary objec-
tives. Thus, thorough diagnostics are crucial to identify potential
hazards. While it’s impossible to predict all negative consequences,
pinpointing sensitive areas enables the implementation of safe-
guards and monitoring of social issues that scientific innovation
should not exacerbate.
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Currently, the domain of Artificial Intelligence (AI) bears a sig-
nificant responsibility. This responsibility entails a continuous and
reflexive commitment to society, as Al generates various social
impacts spanning from the labor market to human rights.

On the other hand, the perception of innovation in Al should not
be stigmatized and seen as an impending risk to humanity. Instead,
it should be considered an opportunity to cultivate novel dynamics
of accountable collaboration, construct efficient oversight mecha-
nisms, and pursue technical progress that prioritizes individuals
and acknowledges complex social contexts.

The latter point is particularly relevant since each AI artifact
operates in distinct environments where they can contribute to the
expansion and deepening of unequal social dynamics. An illustra-
tion of this is the social impact of outsourcing employees to label
data for Large Language Models (LLMs) training [17]. Although
Al companies did not create the outsourcing scheme where work-
ers receive little economic compensation and fewer labor rights
[14], they do play a role in these unequal dynamics and contribute
to various social issues when opting for this kind of employment
scheme. Consequently, a human-centered vision is required at all
stages of Al development.

2 RESEARCH MOTIVATION, RQS AND
OBJECTIVES

The accelerated development of Large Language Models in recent
years has generated heightened concern regarding Artificial Intelli-
gence and its resulting societal implications. One of the primary
concerns revolves around the potential negative consequences,
with workforce displacement being a common worry due to in-
creased task automation. Simultaneously, an important debate is
occurring regarding ethics and the pressing need for timely and
efficient regulation. This discourse encompasses various complex
aspects, including copyright matters, privacy considerations, efforts
to address bias, cybersecurity measures, and the risk of spreading
disinformation. Given this context, it is crucial to analyze LLMs’ so-
cial effects comprehensively. This proposal intends to do it through
a three-dimension analysis, which includes society, human rights,
and ethics. This strategy seeks not only to understand the social
effects of generative Al but also to contribute to the development
of responsible models from a human rights perspective.

Regarding research questions, our central question is:

RQ1. How do LLMs impact society in terms of trustworthiness,
ethical considerations, and their impact on human rights?

While the secondary questions are:
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RQ2. How do governments, policymakers, and companies deal
with it?

RQ3. How can the Al industry address the challenges derived
from LLMs’ impact on Human Rights?

Concretely, our main objectives is as follows:

o Examine the multifaceted implications of LLMs, integrating
ethical considerations and their societal effects into a holistic
framework for their trustworthy integration. This frame-
work, aimed at Al companies, will provide a post-release
audit tool to uphold safety and human rights standards.

Our secondary objectives are:

o To thoroughly examine how governments, regulatory insti-
tutions and Al companies navigate and adapt their practices
in response to the challenges posed by LLMs.

o Define and comprehend LLMs’ ethical and human rights chal-
lenges, fostering responsible Al innovation through Ethics-
Driven Incentives.

3 WORK PLAN

A thorough analysis of the societal and human rights implications of
LLM demands a comprehensive approach that encompasses various
dimensions, such as:

(1) Internal Operations dimension: This encompasses the
internal operations of Al companies, including their policies,
personnel practices, and research methodologies.

(2) Product Development dimension: This focuses on the
models developed by the Al industry, examining their design
and features.

(3) External Interactions dimension: This pertains to the
interactions of Al companies with their external environ-
ment, including compliance with laws and regulations, en-
gagement with governments, interactions with users, and
collaborations with other companies.

By exploring these dimensions, we can conceptualize the AI
industry’s companies as dynamic entities comprised of diverse
elements. These elements facilitate the development of models that
engage with and impact their environment. Moreover, it allows us to
examine how companies interact with regulatory institutions, other
companies, and users. Adopting this holistic perspective allows us
to recognize the significant societal challenges presented by LLMs.

As a visual aid, we can use a tree as an analogy for the model,
see Fig. 1. The roots represent the internal operations, including
policies, regulations, staff, and research, enabling the company’s
function. The trunk symbolizes the product development dimension,
leading to the innovative models. Finally, the branches depict the
various impacts that companies generate in their environment, as
well as their interactions with other actors.

The external dimension includes studying how companies, in-
stitutions, and legal frameworks respond to LLMs’ presence and
the subsequent effects on companies’ commitment to their social
environment. This also includes examining the ethical dimension,
encompassing a broad scope of concerns, including bias, privacy,
cybersecurity, environmental impact, transparency, explainability,
and accessibility in LLMs. To examine these dimensions, we will
also use quantitative approaches to evaluate patterns in regulatory
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Figure 1: Research Approach

modifications. Additionally, qualitative research methods will be
employed to interview ethics experts, industry professionals, and
academics, thereby obtaining a comprehensive perspective of the
social and ethical environment.

3.1 Instruments for Data Collection

To effectively conduct this study, a mixed methods research method-
ology will be employed, encompassing a diverse array of tools for
data collection [8], such as:

e Surveys: We will conduct surveys to capture quantitative
data on various aspects of LLM impact, including economic
shifts, legal modifications, and ethical considerations.

o Interviews: We will conduct in-depth interviews with rel-
evant stakeholders, including Al industry representatives,
legal experts, policymakers, and ethics experts. These in-
terviews will provide qualitative insights and a variety of
perspectives regarding the impact of LLMs.

e Document Analysis: We will comprehensively analyze le-
gal documents, policy reports, media content, and extensive
academic literature to triangulate findings and thoroughly
understand the research’s dimensions [12].

3.2 Mixed Methods Research

The mixed methods approach in this research will ensure that our
study accounts for the complexity of LLM’s impact on society across
the three established dimensions. Our study design encompasses
the analysis of qualitative and quantitative data to respond to our
research questions using surveys and interviews, in which we will
employ both open-ended and closed-ended questions.

We plan to employ two mixed methods: 1) follow-up Quantitative
Data Collection and Analysis (QUAN) with QUAL Qualitative Data
Collection and Analysis (QUAL) to aid in interpretation, and we
will 2) use QUAL data to build QUAN for interpretation [6] see
Figures 2 and 3.

These two methods will allow us to examine Al companies de-
veloping Generative Al Further, tools like document analysis and
interviews for exploring Al ethical and human rights concerns will
be enriched through this methodology [8].

We will also provide surveys to a population sample to ascertain
if the qualitative results can be generalized to the entire population

[8].
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To ensure the responsible development of the post-audit tool,
experts in ethics and human rights will be involved in the analysis
of the ethical and social dimension.

Furthermore, we will employ the respective validation methods
for each type of research method. For method 1, we will establish
the validity of the scores of the quantitative measures and discuss
the validity of the quantitative findings. Meanwhile, for method 2,
we will review the validity of both the quantitative and qualitative
data, all following Creswell’s recommendations [6].

4 DATA ANALYSIS

After completing the data collection phase, we will conduct data
analysis. The research methodology will use qualitative and quan-
titative methods to analyze the collected data. We will adopt quali-
tative approaches to investigate nuanced thoughts, attitudes, and
opinions, while with quantitative methods, we will uncover pat-
terns, trends, and correlations within the information. We will also
conduct comparative analysis [18, 21] to gain a deeper understand-
ing of the relative strengths, weaknesses, and characteristics of each
item, providing valuable insights for decision-making or further
study.

The analysis will be also performed via specialized software
and instruments to guarantee precision and dependability, such as
Atlas.til, Dedoose 2 and NVivo?, all of these tools used in mixed-
methods research.

5 RESULTS EVALUATION

The qualitative data will be subjected to a rigorous thematic analysis
[4, 19], member checking (3, 5], and triangulation [10, 15]. Simul-
taneously, quantitative data will be subjected to hypothesis testing
[11, 13], regression analysis [2], and cross-tabulations [7] to identify
essential correlations and predictors. One notable aspect of this
research is its capacity to establish connections among several di-
mensions, facilitating the detection of overarching themes. This
cross-dimensional analysis will provide a holistic understanding.
!https://atlasti.com/

Zhttps://www.dedoose.com/
3https://lumivero.com/
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6 MAIN OUTCOME DELIVERY

Based on the conclusions drawn from data collection and data anal-
ysis phases, we will build our main output an evaluative frame-
work to evaluate human rights and ethical impact of Large
Language Models.

This tool will offer recommendations to Al companies, especially,
to their Ethics and compliance teams, Corporate Social Responsibil-
ity (CSR) departments, Diversity, Equity, and Inclusion (DEI) tems,
and Public policy and government Affairs teams. It will be designed
to facilitate post-release audits, ensuring the models’ trustworthi-
ness and safety. We aim to guarantee that LLMs do not cause harm
to society and adhere to human rights standards.

The development of this instrument will be a collaborative effort,
encompassing consultations with experts from diverse disciplines,
such as Al ethics, cybersecurity, legal scholars, and representatives
from AI companies. The project will be conducted iteratively, in-
corporating feedback loops and making adjustments as necessary
to ensure that the framework is resilient, flexible, and aligned with
the dynamic technology landscape.

7 VALIDITY THREATS AND MITIGATION
STRATEGIES

Throughout the course of this project’s development, a variety
of potential threats to validity may emerge. In the following sec-
tion, we outline the significant threats to the validity of our study
on the impact of LLMs on society and human rights and suggest
appropriate mitigation measures.

Using surveys, we recognize both the advantages and limita-
tions associated with their use. Surveys serve as the initial phase
of our research effort, as they offer a convenient means of data
collection that is comparatively less demanding in terms of time
and effort when contrasted with interviews or other forms of qual-
itative research conducted in person. The aforementioned point
serves as the foundation for a more comprehensive investigation
into the problem under examination. Surveys prove to be valuable
in providing preliminary insights that can be leveraged for subse-
quent investigations. Nevertheless, surveys are subject to certain
limitations, such as the potential for respondents to encounter dif-
ficulties comprehending specific questions, resulting in responses
that may not accurately reflect their authentic understanding. This
is the reason why we also plan to conduct in-person interviews
using open-ended questions.

Aside from the difficulties presented by surveys, various other
potential threats to validity need to be considered. Response bias
is an example of a possible threat, which occurs when participants
may give inaccurate or skewed answers due to social desirability
bias or other factors [16]. We will implement randomized response
methodologies to address this potential risk and ensure anonymity
and confidentiality in survey administration [16]. Ethical consid-
erations also threaten the validity of our research, especially when
focusing on rights such as privacy, non-discrimination, fairness,
and freedom of expression. Given the complexity and sensitivity of
these issues, ethics and human rights professionals will be included
to ensure appropriate consideration of ethical and human rights
standards [20].
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Our research will follow ethical and human rights standards
due to the complexity and sensitivity of these issues. This requires
informed consent from participants, data anonymization and con-
fidentiality, and ethical approval from relevant institutional
review boards [9].

8 EARLY RESULTS

Early findings encompass a systematic literature review that ex-
tensively explored the negative and positive impacts, emerging
patterns, and potential opportunities associated with Generative
Artificial Intelligence, focusing on ChatGPT[1]. The findings in-
dicate that although the assessment of generative Al models’ so-
cial impact is still in its early stages, significant areas of concern
have surfaced, particularly regarding privacy and the risk of bias
[1]. Moreover, with the increasing adoption of generative models
across diverse social contexts, an urgent need arises to address and
mitigate issues related to inequality, prejudice, discrimination, and
stereotyping [1].

Another early finding consists of examining the beneficial im-
pacts of Large Language Models (LLMs) on society, focusing on
their potential to facilitate informal learning. The investigation
evaluates how LLMs, specifically ChatGPT, can encourage citizens’
civic engagement by helping them comprehend complex legal docu-
ments, such as the AI Act. Through the administration of 73 online
surveys featuring closed-ended and multiple-choice questions and
the application of a readability test to the texts utilized, our study re-
vealed that participants exposed to a simplified ChatGPT-generated
text demonstrated a superior grasp of the legal content compared
to those who solely read the original text. Nevertheless, further
investigation is necessary to clarify the effectiveness of these mod-
els in improving informal learning and citizen civic engagement.
Details of this study are outlined in "Large Language Models to
Enhance Informal Learning and Foster Citizens Civic Engagement"
authored by Maria Teresa Baldassarre, Berenice Fernandez Nieto,
Domenico Gigante, and Azzurra Ragone. The article is presently
undergoing review.

Finally, another preliminary result entails a systematic review
and comparative analysis of strategies and measures implemented
by four prominent companies — OpenAl, Meta, Google, and Mi-
crosoft — across five critical dimensions: bias, privacy, cybersecu-
rity, hate speech, and disinformation. By scrutinizing 192 publicly
available documents, our study reveals that, depending on prod-
uct diversity and nature, certain companies excel in researching
and developing privacy-preserving and bias-reducing technologies
and methodologies. They provide user-friendly tools for managing
personal data, establish expert groups to explore the social impact
of their technologies, and possess significant expertise in combat-
ting hate speech and disinformation. However, there is an urgent
need for greater linguistic, cultural, and geographic diversity in
research lines, tools, and collaborative efforts. From this analysis,
we distill actionable best practices to foster the responsible devel-
opment of Al models, particularly Large Language Models, aligned
with human rights principles. Titled "Fostering Human Rights in
Responsible AlL: A Systematic Review for Best Practices in Industry,'
this study authored by Maria Teresa Baldassarre, Danilo Caivano,
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Berenice Fernandez Nieto, Domenico Gigante, and Azzurra Ragone
is currently under review.

9 NEXT STEPS

The next steps involve enriching our evaluative framework through
the integration of expert inputs and stakeholder consultations. This
collaborative effort aims to enhance the comprehensiveness and
effectiveness of our assessment approach. Additionally, we will ex-
plore existing ethical frameworks to understand their applicability
and limitations in the context of Generative Al This exploration
will provide valuable insights into the ethical considerations inher-
ent in our evaluation process. Subsequently, we will consolidate our
evaluative framework, particularly focusing on the development
of a post-audit tool. This tool will serve as a key instrument in
integrating human rights principles and ethical considerations into
LLMs. Furthermore, we are committed to encouraging responsible
Al innovation through the design of ethics-driven incentives.
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